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2. Dynamic Hadoop Provisioning
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2. Batch Pipeline
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2. Real-Time Pipeline
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Spark ML

Pipeline 714

automodel (true @ false

é’ input 11713 selected

output LR

label  aft

splitWeight 0.7

é) elasticNet 0.0
intercept Qtrue

threshold 0.5
é) std @true

toler  0,00001

maxiter 100

LogisticRegression @ éj regfaram 03

B Run Save Pipeline

e A BEF SHUE 34301E 9| QY ETech Center) : T02-6400-00000  COPYRIGHTE2017 BY SK HOLDINGS CO. LTD. ALL RIGHTS RESERVED

false

false

LogisticRegression
Logjstic regression is a popular

methed to predict a categorical
response, It is a special case of
Generalized Linear models that predicts
the probability of the outcomes. In
spark,ml logistic regression can be used
to predict a binary autcome by using
binomial logistic regression, or it can be
used to predict a multiclass outcome by
using multinomial logistic regression
@ automodel

choose whether to use autoML
@ label

Param for label column name
@ splitWeight

ratio of training set. Default is 0.7,

# clasticNet

Param for the ElasticNet mixing
parameter, in range [0, 1),

@ intercept
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2. Deep Learning Modeler
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. - module: my%ql‘ — _ I"‘ _?_
Service N|l& seesicsen: (s Node Log =3| |2l

period: 10s

# Host DSN should be defined as 'user:passétcp(127.0.0.1:3306)/" A [ o
# The username and password can either be set in the DSN or using the username - Af-g-IPf x_lﬂ 7'::-"—_'|— jl‘aol_l' NOde El_l-'ol"l Cl_l X|-I-;I
# and password config options. Those specified in the DSN take precedence.

hosts: ['root:@tcp(l169.56.124.28:3306)/ ']

# Username of hosts. Empty by default. . Built_in Service

#username: root

# Password of hosts. Empty by default.

e - AL} S0l 3= Built-in MHIAS M3

e - MySQL, System, Apache Web, Kafka
- Collector Hj® /A 5! Kibana Dashboard
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< 2006, 2016 TR A 24

2008avg 20Gave

20069 Wz YUY

Z, sumi{1006avg): 3.72% A, sumi2006ave): 9.53%

. €, sumi{2006avg): 5.87%
T, sum{2006avg): 13.38%

D. sum(2006ave)- 20.39%

0, sum(2006ave): 5 65%

E, sum(2006avg): 4.02%

I, sum(2006aveh: 3.13% G, sum{200Gava): 3.09%

ABOUT DASHBOARD

6,000,000

4,000,000

A, sumi2016ave)- 3.64%
B, sumiZ01Gaval: 3.14%

T. sum(2016avg): 9.25%
C, sumi2076avg): 19.83%

N, sum(2016avg): 3.18%

Z, sum(2016avg): 4.19%

D, sum(20716avg): 17.60%
I, sum{Z016ave): 5.38%
F, sum(201Gavgl: 3.42% E, sum{Z01Gavgh 5.86%

_13_

- HO|E] TS 98 CI3t 24X OfRHE| K3

- O] Qlm2tof| E4Hx|0] U= HIO|E{E StLt2
S0l 7t = 2= U o2 2| A4 OHE M5
- 2Z/Hive/AWS RDS/MySQL/Maria DB/S3
- Cl|lojE| A, B4 =Y 2| 7|5

- Cl|o|H M HE, A7|0FHY

- & H|oJE S B= 7S §l0| Hf= Tt
2

£2 rfeEc gej2 7Y




Contents

=

L

Af

ol Ao




3. UseCase - HiH[0|E{ ETL

ICOS

Web Log

H Az

v

Cul

v

TREEA|

15t

==

Hadoop

bl ]
\ 4
2w | 2ERE
\ 4
& X2l ]
L . —
(~—

20|
&}

-15-

1. El|0IE 714 27|

« ICOS - Web Access Log, HDFS - 112 So}dH,
RDBMS - 12 J| =X E X1

2. 0|O|E{ Bi=ts}o|

e

+ oiLte| HOlEf AE2|X|0| B2 HR G0| MHIA oA
29, HEY, T2 52 3 24 o|Ef

THd T 1T

ICOS/RDB/HDFSO]| &xj

3. TH82 Clo|Ef QPR QI ETL

- O 1L
- I8 CIOIEIS Sparke= QPO = F4t X{2[5t0]
ER XE a0 QFEH o= LS5 HxH

(ex. SandBox)
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3. UseCase - Cl0[ERIIE{2| M JEH L |E{Z
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