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Acculnsight+2] 7|5 Coverage

1. 712
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DCM(Dynamic Cluster Manager) £t?

2. AH|A - DCM
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Acculnsight+ A{H|A - DCM(Dynamic Cluster Manager)

2. MH|A - DCM
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Pipeline O| 21? 3. M{H|A - Pipeline
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Acculnsight+ AMH|Z - Pipeline

3. A{H|A - Pipeline
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Data Pipeline
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Modeler 2?

4. MH|A - Modeler
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Acculnsight+ AH|Z - Modeler

4. MH|A - Modeler
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Acculnsight+ Demo

«  DCM : hadoop cluster sandbox 444

+ Pipeline : data workflow %/d

+ Modeler: &M, 2 & H{=E 5! DL|EZ
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6. Contact Us

Email

help.accuinsight@sk.com

ZE

https://accuinsight.cloudz.co.kr

77t *'2

http://pf.kakao.com/ xoFxmcxb
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